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ABSTRACT

This study investigates the relationship between overconfidence, corporate guidance disclosure
practices, and firm market value among companies listed on the B3 exchange from 2018 to
2024, using a sample of 2,058 firm-year observations. The main contribution lies in providing
novel evidence, in the Brazilian context, on how overconfidence shapes guidance disclosure
behavior and how this behavior is reflected in firm valuation. Methodologically, the study
proposes a dual overconfidence metric, combining an internal index constructed via Principal
Component Analysis based on the characteristics of CEOs, CFOs, and Investor Relations
Officers—including social media exposure—with an external measure derived from corporate
decision-making. Guidance disclosure is measured through a multidimensional checklist
applied to Reference Forms, overcoming traditional binary approaches. To address potential
endogeneity concerns, the study employs robust econometric models, including Tobit
regressions and the Generalized Method of Moments (GMM). The results indicate a negative
and statistically significant relationship between overconfidence and guidance disclosure,
leading to the rejection of hypothesis H1. This finding suggests that managers with higher
confidence levels tend to disclose fewer formal projections. This relationship is more
pronounced for financial projections (H2), whereas the association with investment projections
(H3) exhibits lower robustness. Hypothesis H4 is confirmed, indicating a negative association
between overconfidence-driven projections and firm market value, suggesting that the market
adjusts pricing downward when communications are perceived as excessively confident.
Overall, the study integrates Behavioral Finance and voluntary disclosure literature,
demonstrating that the absence of disclosure also constitutes a relevant behavioral signal.
Methodologically, it introduces an original and replicable framework, with practical
implications for analyzing voluntary corporate communication and its impact on firm valuation.

Keywords: Guidance; Overconfidence; Market Value; Behavioral Finance; Voluntary
Disclosure.

1. INTRODUCTION

Voluntary guidance disclosure presents an intriguing paradox in contemporary
corporate communication. While it is positioned as a mechanism for transparency and the
reduction of information asymmetry, it inherently embodies the subjectivity of human
judgment, such as overconfidence. This fundamental tension between technical rationality and
behavioral decision-making constitutes the core of the research problem investigated in this
study, which is particularly relevant in emerging markets such as Brazil, characterized by
pronounced information asymmetries.

Accounting, as a discipline aimed at mitigating agency problems, seeks to reduce
information asymmetry between managers and investors through reliable information (Jensen
& Meckling, 1976). However, because mandatory accounting reports primarily focus on past
events, they are insufficient, by themselves, to capture the firm’s total value and to anticipate
its future performance (Amir & Lev, 1996). This limitation creates room for voluntary
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disclosures, which complement accounting information by providing managerial perspectives
about the future and reducing investor uncertainty (Healy & Palepu, 2001). In this context,
guidance stands out as a voluntary disclosure through which firms signal their projections and
outlook (Luo et al., 2022). By reducing information asymmetry and aligning market
expectations, guidance reinforces the role of transparency in building firm value and trust
(Einhorn & Ziv, 2008; Hummel & Schlick, 2016).

The literature thus highlights the multifaceted nature of guidance: at times a
transparency-enhancing tool, at other times a strategic instrument for impression management.
Although it can positively influence market perception and reduce the cost of capital
(Verrecchia, 2001; Anhalt, 2007), studies show that managers often overestimate outcomes and
downplay risks, producing overly optimistic reports (Li et al., 2023). Because its disclosure is
strongly dependent on managerial decisions, guidance may be affected by cognitive biases such
as overconfidence (Lichtenstein et al., 1980; Chen et al., 2015; Borgholthaus et al., 2023). This
cognitive bias manifests in the miscalibration of judgments, whereby managers overestimate
their predictive abilities and underestimate risks, making it essential to understand the limits of
human rationality in corporate decision-making (Simon, 1955; Hribar & Yang, 2016;
Kahneman & Tversky, 1979).

In this sense, the impact of overconfidence on guidance remains ambiguous. While
Hribar and Yang (2016) find that overconfident CEOs issue more optimistic and more frequent
forecasts, Schrand and Zechman (2012) and Malmendier and Tate (2005) suggest that the same
confidence may reduce the propensity to disclose, as managers believe their future performance
does not require signaling to the market. This duality makes the topic particularly relevant in
emerging economies such as Brazil, characterized by greater information asymmetry (Nguyen
et al., 2025).

The relevance of investigating this relationship becomes even more evident given the
structural characteristics of the Brazilian market, which is recognized for its high volatility and
strong sensitivity to economic and political shocks (Silva et al., 2023). An episode illustrating
the materiality of this phenomenon is the case of Banco do Brasil, whose guidance revision in
November 2025 triggered significant market reactions, highlighting how discrepancies between
internal estimates and the observed scenario can affect the credibility of projections and the
firm’s market value (Dantas, 2025).

In the national context, academic production appears fragmented. The exploratory
Systematic Literature Review (SLR) indicates that, although the combination of the terms
“earnings guidance” and “CEO overconfidence” has gained international relevance since 2018,
the integration of these topics remains incipient in Brazil. Domestic studies tend to focus on the
normative aspects of guidance (Macedo et al., 2014) or on the effects of overconfidence on
capital structure decisions, overlooking the fact that projections are ultimately the result of
human decisions subject to biases (Arantes et al., 2021; Dal Magro et al., 2018). Therefore, the
lack of investigations that articulate these perspectives contributes to a partial understanding of
the phenomenon.

Accordingly, this study seeks to fill this gap by formulating the following research
question: what is the relationship between guidance and managerial overconfidence, and
how does this interaction relate to the market value of Brazilian firms listed on B3? The
period from 2018 to 2024 is examined, assessing the extent of guidance disclosure through a
multidimensional checklist applied to Reference Forms and measuring overconfidence through
a dual measure (internal and external) approach. The sample consists of 2,058 firm-year panel
observations of companies listed on B3. For the empirical analysis, we employ robust
econometric models, such as Tobit regressions and GMM, which indicate a negative
relationship between overconfidence and guidance issuance and a negative association between
overconfidence-driven projections and firm market value.
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Thus, the contributions manifest in three dimensions: (i) theoretical, by bridging
Behavioral Finance and voluntary disclosure; (ii) methodological, by proposing a dual typology
of overconfidence and a multidimensional guidance index; and (iii) empirical, by applying this
framework to the Brazilian market, offering a replicable framework to analyze how biased
human decisions permeate forward-looking financial communication and their effects on firm
value formation.

2 LITERATURE REVIEW
2.1 Guidance: Theoretical and Empirical Perspectives on Voluntary Disclosures

The separation between ownership and control in dynamic corporate environments
generates information asymmetry, as managers possess superior knowledge about operations
and risks relative to shareholders (Akerlof, 1970; Jensen & Meckling, 1976). Although
accounting mitigates agency problems, mandatory reports, which focus on past events, are
insufficient to anticipate future performance and to capture the firm’s total value (Amir & Lev,
1996). In this context, voluntary disclosures emerge as central mechanisms for reducing
asymmetry, providing inputs for the decision-making process, and signaling earnings quality
(Healy & Palepu, 2001).

The literature has incorporated information costs, highlighting the Grossman and
Stiglitz (1980) paradox and the Disclosure Theory of Verrecchia (1983, 2001) and Dye (1985,
2001), according to which disclosure involves proprietary and competitive costs. Thus,
managers exercise discretion, disclosing information when the benefits outweigh the costs,
framing voluntary disclosure as a strategic instrument.

Guidance (corporate projections) exemplifies this complex practice. It is a strategic tool
used to correct market expectations (Ajinkya & Gift, 1984), signal managerial ability (Trueman,
1986), and engage in impression management aimed at shaping perceptions and sustaining firm
market value (Luo et al., 2022). The literature highlights its multiple benefits: reduction in stock
return volatility, increased firm visibility and investor confidence, alignment of expectations,
and lower cost of capital (Anhalt, 2007; Hirst et al., 2008).

Empirically, studies document the impact of guidance on asset pricing (Dong et al.,
2021), and, in Brazil, Costa (2021) finds an increase in the value relevance of book equity,
particularly when projections include operational and investment indicators. In the Brazilian
context, however, there is evidence of earnings management (Souza et al., 2018) and
heterogeneity in forecast accuracy, despite greater disclosure by larger and more leveraged
firms (Foster et al., 2015).

Despite these advances, the Brazilian literature has not yet integrated the behavioral
dimension of managers into guidance decisions. The investigation remains fragmented,
revealing a gap in incorporating behavioral miscalibration and overconfidence into the analysis
of information asymmetry, which constitutes the central focus of this research.

2.2 Overconfidence: Conceptual Perspective

Overconfidence is a cognitive bias intrinsic to human psychological nature,
characterized by miscalibration between subjective probabilities and objective frequencies,
manifesting as overestimation of the precision of one’s beliefs or as the “better-than-average”
bias (Lichtenstein et al., 1980; Chen et al., 2015; Borgholthaus et al., 2023). Its roots lie in
cognitive psychology and judgment heuristics, which underpinned the emergence of Behavioral
Finance as a departure from traditional economics, grounded in Expected Utility Theory and
the Efficient Market Hypothesis, which assumed fully rational agents (Von Neumann &
Morgenstern, 1944; Fama, 1970).
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However, empirical evidence challenged these axioms by demonstrating the complexity
of human rationality, involving ambiguity aversion and context sensitivity (Allais, 1953;
Ellsberg, 1961). In this critical context, Kahneman and Tversky (1979) developed Prospect
Theory, a descriptive model that contradicted the axioms of rationality by showing that
individuals evaluate outcomes relative to reference points, distort probability weights, and
exhibit loss aversion—being risk-averse in gain domains and risk-seeking in loss domains.

Subsequent studies building on Prospect Theory advanced by empirically testing its
implications across diverse contexts, with particular emphasis on financial markets.
Consequently, overconfidence began to be treated as an individual-level attribute arising from
miscalibration biases. In this context, overconfidence emerges as a specific heuristic application
within financial and corporate settings.

In the corporate context, Malmendier and Tate (2005, 2008) demonstrate that
overconfident managers tend to overestimate their firms’ value, exhibit greater investment—
cash flow sensitivity, and display a propensity to undertake value-destroying acquisitions,
driven by illusions of control and insensitivity to unfavorable information.

Conceptually, overconfidence is a multidimensional bias that is not restricted to an
isolated behavior. It emerges from the interaction between internal agent attributes—such as
demographics, education, and experience—and external manifestations observable through
concrete decisions regarding investment, leverage, and expansion (Graham et al., 2013;
Zavertiaeva, 2018; Lunardi et al., 2021). This distinction between psychological and decision-
based aspects is fundamental for an integrated understanding of the phenomenon in managerial
decision-making.

2.4 Development of Research Hypotheses

Information asymmetry and managerial cognitive biases play a central role both in the
decision to disclose projections and in market interpretation (Verrecchia, 2001; Healy & Palepu,
2001). Guidance, as a voluntary disclosure practice, aims to reduce this asymmetry, but its
issuance may be shaped by overconfidence.

The literature suggests that overconfident managers tend to overestimate their
forecasting abilities, disclosing optimistic information to shape market perceptions (Hribar &
Yang, 2015; Libby & Rennekamp, 2012). Malmendier and Tate (2005) further reinforce that
this bias distorts important corporate decisions. In the Brazilian context, Magro et al. (2018)
associate overconfidence with earnings management practices, suggesting that the bias also
manifests in the preparation of projections. Therefore, the first hypothesis is formulated:

H1: In the Brazilian market, managerial overconfidence is positively associated
with guidance disclosure.

The impact of overconfidence, however, does not manifest uniformly across projection
types. Financial projections are particularly susceptible due to their quantitative nature and
direct linkage to performance (Lunardi et al., 2021). Souza et al. (2018) show that Brazilian
firms that disclose results tend to manage them to align expectations, a practice that may be
exacerbated by overconfidence and short-term pressure (Hirst et al., 2008; Santos et al., 2024).

Accordingly, we expect that guidance related to financial indicators exhibits a stronger
relationship with managerial overconfidence compared to other categories of projections in the
Brazilian market. Therefore, the second hypothesis is formulated:

H2: In the Brazilian market, guidance on financial indicators exhibits a stronger
relationship with managerial overconfidence compared to other categories of projections.

Regarding the components of guidance, investment projections (such as CAPEX
estimates) may also be sensitive to overconfidence, as they involve long-term decisions
characterized by high uncertainty and beliefs about the organization’s future performance (Dal
Magro et al.,, 2018). Malmendier and Tate (2005) indicate that overconfident managers
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overestimate future returns and exhibit greater investment sensitivity to internal cash flow
(Lunardi et al., 2021; Moreira et al., 2023). This bias tends to distort strategic investment
decisions more strongly than projections focused on short-term results, leading to the third
hypothesis:

H3: In the Brazilian market, investment-related guidance exhibits a stronger
relationship with managerial overconfidence compared to other categories of projections.

Finally, it is recognized that the market reacts to firms’ forward-looking disclosures. By
anticipating expectations about future performance, guidance directly influences investor
perceptions and, consequently, firm market value. However, when such projections are shaped
by overconfidence bias, there is a risk of misalignment between expectations and realized
outcomes, which may undermine managerial credibility and trigger stock repricing.

Although overconfidence may signal competence, the prevailing literature indicates that
overconfidence leads to value-destroying choices, overestimating returns and underestimating
risks, resulting in overinvestment, inefficient acquisitions, and financial decisions that reduce
firm value (Zavertiaeva et al., 2018; Dal Magro et al., 2018; Silva et al., 2017; Costa et al.,
2019; Santos et al., 2024). In addition, the market tends to penalize unrealistic optimism and
managerial miscalibration (Lunardi et al., 2021). Accordingly, the final hypothesis is
formulated:

H4: In the Brazilian market, projections (guidance) influenced by overconfidence
are negatively associated with firm market value.

3 METHOD

The study delimits its analysis to the period from 2018 to 2024, considering Brazilian
firms listed on B3. The temporal choice is justified by the higher incidence and consistency of
guidance disclosure from 2018 onward, surpassing the low adoption rate (approximately 27%—
38%) observed in earlier years (Brand&o et al., 2013; Arantes et al., 2021). This increase was
intensified during the COVID-19 pandemic (Sousa et al., 2024) and aligns with regulatory
advances by the Brazilian Securities and Exchange Commission (CVM) that encourage
transparency, particularly following the strengthening of requirements for adopting practices
such as the Corporate Governance Report (ICVM 586/17), which contributed to greater
transparency while also stimulating corporate self-regulation.

The initial population comprised 375 firms, of which 81 were excluded due to
incomplete data that prevented the computation of market value. Thus, the final sample consists
of 294 firms, totaling 2,058 panel observations for the proposed analyses. The methods used to
measure guidance disclosure, overconfidence, and other variables relevant to the study are
discussed in the following sections.

3.1 Guidance Disclosure Index

Guidance is a non-mandatory document/disclosure; however, if firms choose to disclose
it, they must comply with the regulation established by CVM Instruction 80/22. Among the
requirements, firms must include guidance in the Reference Form, specifically in the section
on projections. Thus, to assess the level of guidance disclosure, the Reference Forms of each
firm in the sample for the specified years were used as the data collection source.

For data collection, a checklist was created for each item that may appear in guidance
disclosures, in accordance with IBRI (2007) guidelines, the recommendations of CODIM
Pronouncement No. 04/2008, and the requirements of CVM Instruction No. 80/2022. In
particular, the checklist presented in Table 1 was developed based on Silva (2019) and Brandéo,
Assuncéo, Ponte, and Rebougas (2013).
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Table 1. Checklist for Measuring Guidance Disclosure Index
Item | Category Subcategory Item Question
1 Assumptions Does the company identify the assumptions and
methodologies used to develop the projections?
Management ;
Responsibility _ Does th_e company warn users abput the hypothetical nature
2 Formal Warning of the disclosed projections, alerting them that these are not
promises of future performance?
— Aspects - — -
- . Does the company monitor projections from past periods,
3 Projections from | Monitoring . : -
: comparing projected values with actual results?
Previous —
4 Periods Justification Does th_e company anquze_tht_e dewapons between actual
and projected results, identifying their probable causes?
5 Short-term
Projections Does the company provide prospective information about
— Cash "
6 Long-term cash balance and/or movements*
Projections
7 Short-term
Projections Does the company provide prospective information about
Revenues A
8 Long-term revenues?
Projections
9 Short-term
Projections Costs Does the company provide prospective information about
10 Long-term costs and/or operating expenses?
Projections
. Short-term S
11| Economic- Projections Administratiy Does the company provide prospective information about
Financial e/Personnel D
. Long-term administrative and/or personnel expenses?
12 Indicators " Expenses
Projections
13 Short-term
Projections Interest Does the company provide prospective information about
14 Long-term Expenses interest expenses?
Projections
15 SPOQZ(;:?;R; Does the company provide prospective information about
— Loé ~term Results its economic-financial results (EBITDA, EBIT, ROE, Net
16 19 Profit and Profit Variations, Gross, or Net Margin)?
Projections
17 Short-term
Projections Does the company provide prospective information about
— Leverage oo . 5
18 Long-term its financial leverage (debts)*
Projections
19 Short-term
Projections . Does the company provide prospective information about
— Activity Level | . - . : .
20 Long-term its activity level (production, sales, or service provision)?
Projections
21 Short-term
Operational Projections Prices Does the company provide prospective information about
29 Indicators Long-term the prices of its products/services?
Projections
23 Short-term
Projections Does the company provide prospective information about
— Performance . S n
24 Long-term other operational performance indicators?
Projections
25 Short-term
Projections Does the company provide prospective information about
— Investments - - n
2% Long-term the amount and/or allocation of investments?
Investment Projections
27 Indicators Spoqgé:ﬁ;?s Does the company provide prospective information about
— LorJ1 ~term Financing | the sources of resources to be applied in planned
28 g investments?

Projections

Source: Adapted from Silva (2019) and Brandao, Assuncéo, Ponte, & Reboucas (2013).
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Therefore, for each item in Table 10, a value of 1 was assigned when the item was
present and O when it was absent. Subsequently, a guidance disclosure index was generated for
each firm, calculated as the ratio between the score obtained by the firm and the maximum

achievable score (28).

3.2 Overconfidence

To measure overconfidence, two complementary aspects were considered: internal and
external. This distinction is based on the premise that managers may exhibit both intrinsic
characteristics associated with personal and cognitive traits (such as anchoring on past results,
age, education level, and exposure) (Mendes et al., 2009; Chen et al., 2015; Costa et al., 2019;
Chen et al., 2021; Moreira et al., 2023), as well as observable behaviors manifested in their
corporate decisions. The latter aspect reflects the miscalibration of managerial actions, often
translated into decision patterns such as overinvestment, acquisitions, or optimism in corporate
communication (Crabbi et al., 2019; Lunardi et al., 2021). Thus, the two metrics used in this
study seek to holistically capture the aspects related to the manifestation of this trait among
managers.

3.2.1 Internal Overconfidence

The internal dimension refers to latent attributes of top executives directly involved in
the process of generating and disclosing corporate information (CEO, CFO, and Investor
Relations Officer). These attributes function as propensities toward bias. This metric combines
demographic characteristics (age, gender, education), the firm’s past performance (ROE), and
a proxy for social media exposure (Instagram, X, LinkedIn). Therefore, a central
methodological innovation of this study is the inclusion of social media exposure. Replacing
the traditional proxy of “photo in the annual report” (Costa et al., 2019), this study proposes a
contemporary metric that verifies active presence on Instagram, X, and LinkedIn and the
publication of firm-related content.

The justification is grounded in the fact that voluntary digital self-exposure constitutes
an observable manifestation of self-enhancement and impression management, traits widely
associated with this bias (Libby & Rennekamp, 2012). This variable, as well as the others, was
operationalized as described in Table 2.

Table 2. Measurement of Overconfidence (Internal)

Variable Variable Operationalization Source
Costa et al., (2019),
Age Continuous variable defined as the average age of the three executives. Santos et al. (2019),
Hu et al., (2024)
Predominant Dur_nmy variable_ capturing the _predominant gender_among the three Crabbi et al. (2019),
executives. The variable equals 1 if at least two executives are male and 0
Gender S - Hu et al., (2024)
otherwise (i.e., at least two female executives).
An index capturing the overall education level of the three executives. Each
executive receives a score from 0 to 2: 0 = no undergraduate degree; 1 =
Education undergraduate degree; 2 = postgraduate degree. The final variable is Costa et al., (2019),
h : L - . Crabbi et al. (2019)
computed as the total points obtained divided by the maximum possible
points (6, i.e., the sum of the maximum scores for the three executives).
The final social media exposure variable was constructed as the average of
four individual indices based on the presence and activity of the three
Media executives (CEO, CFO, and Investor Relations Officer) on Instagram, X
Exposure (formerly Twitter), LinkedIn, and firm-related posts. Inspirado em Chen et
(Instagram, al., (2015) e
X, LinkedIn, | For Instagram, X, and LinkedIn, each executive received a score from 0 to Bouzouitina et al.,
Firm-Related 2: 0 = noaccount; 1 = private account; 2 = public account. The index for (2021)
Posts) each platform was calculated by summing the scores assigned to the three
executives and dividing by the maximum possible total (6 points), resulting
in a value between 0 and 1 for each platform.
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For firm-related posts, each executive was assigned a value from 0 to 3,
based on the number of platforms on which they posted at least one firm-
related content: 0 = no posts; 1 = posts on at least one platform; 2 = posts on
two platforms; 3 = posts on three platforms. The index was obtained as the
ratio between the total points obtained by the three executives and the
maximum possible total (9 points).

Past If the firm’s performance (measured by ROE) in the prior period was above | Mendes et al., (2009)
Performance the industry median, the current year received a value of 1; otherwise, 0. e Costa et al., (2019)
Fonte: Own elaboration (2026)

Data were collected from each firm-year Reference Form, as well as from the social
media platforms listed in Table 2. Finally, to consolidate these variables into a single indicator,
Principal Component Analysis (PCA) was applied. The first extracted component (PC1) was
used as the final internal overconfidence index, constructed based on the PCA loadings.

3.2.2 External Overconfidence

External overconfidence refers to observable manifestations of the behavioral bias,
expressed through corporate decisions involving return assessment and risk-taking. Following
the methodology of Lunardi et al. (2021) and Schrand and Zechman (2012), this approach infers
the bias from the firm’s strategic choices that indicate excessive optimism, operationalized in
three main dimensions: (i) overinvestment; (ii) excessive acquisitions; and (iii) debt policy.

Overinvestment is captured by the residual from the regression between changes in
assets and revenue (Equation 1), where positive deviations above the industry median indicate
investments not justified by growth; excessive acquisitions are measured by the natural
logarithm of acquisition values; and debt policy is measured by the ratio between non-current
liabilities and market value. Values above the industry median in the latter two dimensions
signal exaggerated confidence in future profitability or repayment capacity.

ARevenue;; = By + p1AAssets;; + ;¢ 1)

For the final External Overconfidence index, each dimension contributes one point (0
to 3), standardized by the ratio between the total score obtained and the maximum possible
score.

3.4 Selecéo de Variaveis e modelos Econometricos

Disclosure decisions and behavioral biases may be influenced by several firm-specific
factors. Accordingly, we incorporate a set of control variables into the econometric modeling,
as identified in the prior literature.

Table 1. Control Variables

Variable Proxy Source
. Natural logarithm of the firm’s market value on the Souza et al. (2018); Costa et al.
Size
last day of each year (2021)
L Ratio between the firm’s market value and its book Lerner & Flach (2022); Lunardi et
Market-to-book equity al. (2021); Santos et al. (2024)
Dickson (2011) model. The life cycle stages (LCS)
Life Cvele classification uses the signs of the cash flow Lu & Wu Tucker (2012);
y statement (+/-), consisting of five stages: birth, Dickson (2011)

growth, maturity, turbulence, and decline.
Calculated as EBIT (Earnings Before Interest and Souza et al (2018); Domingos et al.
Taxes) divided by Total Assets (2024)
Lewellyn et al.
(2020); Macedo et al. (2014);
Souza et al. (2018)

Profitability (ROA)

Leverage (Capital Proportion of third-party capital in the firm’s capital
Structure) structure
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Natural logarithm of net sales revenue reported in
the income statement for each year
. Dummy variable equal to 1 for crisis years (2020
COVIDCrisis |14 2021) and 0 otherwise (2019, 2022, 2023, 2024)
Fonte: Own elaboration (2026).

Net Revenue Camara et al (2018);

To test H1, the econometric model described in Equation (2) was estimated:
Guidance;; = Py + P1EC Ext i + BL,EC Int;; + Z B Controls;; + €;; (2)

Where: Guidance;; represents the Guidance Index; EC Ext;; e EC Int;, denotes the
two overconfidence measures (external and internal, respectively); and Controles;;
corresponds to the control variables presented in Table 3.

To test H2 and H3, four econometric models were estimated, in which the dependent
variable differs according to the type of projection disclosed, grouped as Formal Aspects
Projections (GDformal;;); Economic-Financial Projections (GDecofin;.); Operational
Indicators Projections (GDoper;;); and Investment Indicators Projections (GDinvest;,). The
general structure of the model is represented in Equation (3):

GDGroup;; = By + BLEC Ext ;; + BL,EC Int; + Z By Controls;; + €;; 3)

Where: GDGrupo;, is replaced by each projection category, thus generating four
separate regressions. Each category was normalized based on its weight in the total index, using
the guidance disclosure measurement checklist as a reference, which segregates projection
types by category, as detailed in Section 3.1, in order to ensure comparability across projections.

Finally, to test H4, a new variable denominated Overconfidence-Driven Guidance
(ODG) was constructed. This variable is a dummy equal to 1 when a firm’s guidance, in a given
year, exhibits a level of overconfidence (resulting from the sum of the internal and external
components) above the industry sample mean in that year. Otherwise, the variable assumes a
value of 0. As the dependent variable, Market-to-Book (MTB) was used as a proxy for market
value (Shah et al., 2018; Ribeiro & Souza, 2023). The control variables follow prior studies
relating financial characteristics and corporate performance, such as Shahid et al. (2016), Shah
et al. (2018), Dal Magro et al. (2018), and Yang and Kim (2020).

Given the dynamic and potentially endogenous nature of the financial variables in the
model designed to test H4, the specification was estimated using the Generalized Method of
Moments (GMM) in a dynamic panel framework, following Arellano and Bond (1991) and
Blundell and Bond (1998In this context, a two-period lag of MTB;,_,, was adopted, since the
independent variable already enters the model with a one-period lag, requiring an additional
shift to ensure instrument validity. The remaining financial variables were instrumented using
their one-period lags as internal instruments. The general structure of the estimated dynamic
model is presented in Equation (4):

MTB;, = aMTB;,_, + B,ODG;; + BoSIZE;, + BsLEV,, + B,ROE;, + BsOFC; @
+ B.REVENUE; + p; + A, + €

Where: MTB;; represents the firm’s Market-to-Book ratio; aMTB;,_, is the lagged
dependent variable capturing dynamic persistence effects; ODG,;; is the dummy variable
identifying guidance issued under above-industry-average overconfidence; SIZE;; is the natural
logarithm of the firm’s market value on the last day of each year; LEV;, represents capital
structure, measured by the proportion of third-party capital; ROE;; is return on equity (Net
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Income / Book Equity); OCF;; is the logarithm (inverse hyperbolic sine transformation) of
operating cash flow; REVENUE; é is the natural logarithm of net revenue; u; denotes
unobserved firm-specific fixed effects; A, represents time effects; and ¢ is the idiosyncratic
error term.

4 RESULTS AND DISCUSSION
4.1 Statistical Analyses

To understand the behavior of the study variables and identify potential patterns, a
descriptive analysis was performed. Table 4 presents the descriptive statistics of the study’s
main variables. The descriptive analysis reveals a scenario of low adherence to guidance
disclosure in the Brazilian market, corroborating prior literature (Arantes et al., 2021; Costa et
al., 2021). The Guidance Index shows a mean of only 0.0605 and, crucially, a median of 0.0000,
indicating that more than half of the observations did not disclose any type of projection.

This prioritization of financial content is associated with the greater informational power
and immediacy of such disclosures for stakeholders, contributing to the reduction of
information asymmetry and reinforcing the relevance of accounting data in stock price
formation (Costa et al., 2021; Luo et al., 2022). Furthermore, despite the low mean, the presence
of high maximum values (0.8571 for the overall index) indicates heterogeneity within the
sample, with a subset of firms using guidance more intensively, thereby creating a favorable
context for analyzing the determinants of this decision.

Regarding overconfidence, the bias appears to be considerably present. The External
measure presents a mean of 0.5084. A relevant finding emerges when comparing the Internal
measures: the proxy incorporating media exposure (0.4300) is significantly lower than the
measure without exposure (0.6255).

This result highlights a relevant dynamic within the construct of Internal
Overconfidence (latent attributes), in line with the perspective of “strategic impression
management” (Arantes et al., 2019). Based on these findings, it can be inferred that media
exposure operates as a mitigating factor in the perception of overconfidence, reducing its
observed mean. Since public exposure constitutes a deliberate decision by executives, the
choice to be publicly visible may function as a mechanism of perception management toward
stakeholders. In this sense, communication may mitigate the effects of non-controllable
dimensions (such as age), promoting an image of greater prudence before the market (Souza et
al., 2018; Arantes et al., 2021). The quartile analysis reinforces this difference: the first quartile
of the “without exposure” measure (p25 = 0.5897) exceeds the third quartile of the “with
exposure” measure (p75 = 0.5198). The control variables describe a heterogeneous sample,
with high volatility in indicators such as Market-to-Book and ROA.

Table 4. Descriptive Statistics of the Variables

Mean SD* Minimum  p25 p50 p75 Maximum
Guidance Index 0,0605 0,1198 0,0000 0,0000 0,0000 0,0714 0,8571
Guidance Formal 0,0243 0,0452 0,0000 0,1429 0,0000 0,0000 0,1429
Economic-Financial Guidance 0,0178 0,0496 0,0000 0,0000 0,0000 0,0000 0,5000
Operational Guidance 0,0100 0,0301 0,0000 0,0000 0,0000 0,0000 0,2143
Investment Guidance 0,0082 0,0228 0,0000 0,0000 0,0000 0,0000 0,1429
External Overconfidence 0,5084 0,2943 0,0000 0,3333 0,6667 0,6667  1,0000
Internal Overconfidence (with media exposure) 0,4300 0,1462  0,0000 0,3449 10,4333 10,5198 1,0000
Internal Overconfidence (without media exposure) | 0,6255 0,1205  0,0000 0,5897 0,6395 0,6899 1,0000
Internal Overconfidence (alternative)** 2,3080 0,2768 -1,6094 2,2225 2,3191 2,4257 2,8507
Size 13,3769 4,4383 0,0000 12,3614 14,4200 15,9625 20,0197
Market-to-Book 1,8065 5,1348 -48,709  0,0000 0,9968 2,0048 83,5585
Capital Structure 0,2646 2,5543 -36,353 0,0287 0,3648 0,5887 52,6392
Net Revenue 12,6410 5,1315 0,0000 12,1073 14,1194 15,6671 20,2789
ROA 0,5466 5,3444 -14596 0,0000 0,0576 0,1069 95,7999
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*SD: Standard Deviation

**The alternative overconfidence measure was generated by assigning equal weights (20%) to the five dimensions
composing Internal Overconfidence. The resulting product was logarithmically transformed for normalization purposes. This
measure was calculated as an alternative specification to ensure the validity and robustness of the Internal Overconfidence
metric generated through PCA.

Source: Research data (2026).

Table 5 examines the main variables of the study over time. The Guidance Index (Gl),
after a slight decline in 2019, increases to 0.0513 in 2020, the first year of the pandemic. This
rise is particularly noteworthy, as it contrasts with evidence from developed markets, such as
Agapova and Madura (2016), who document a reduction in forecast disclosure during periods
of crisis and uncertainty.

In the Brazilian context, this pattern suggests that firms relied on Guidance as a tool to
manage volatility and signal control amid heightened uncertainty, aligning with the findings of
Sousa et al. (2024). This upward trend intensifies in 2021 (0.0714), a year marked by optimism
regarding economic recovery, and reaches its historical peak in 2024 (0.0938). This ascending
trajectory, particularly from 2020 onward, indicates a growing maturity or adoption of
voluntary disclosure practices in the Brazilian market, possibly driven by the pursuit of greater
transparency. Notably, all Guidance components (Formal, Economic-Financial, Operational,
and Investment) follow the same general pattern, reinforcing the robustness of this trend.

Regarding External Overconfidence, a stronger sensitivity to the economic cycle is
observed. The measure declines in 2020 (0.4161), which is consistent with crisis periods
(Santos et al., 2024), as pandemic-related uncertainty led managers to postpone or cancel
investment and financing projects—the underlying bases of this metric—thereby attenuating
overconfidence. However, it rises sharply to its peak in 2021 (0.5748), possibly reflecting
economic rebound optimism.

With regard to the Internal Overconfidence proxies, the measure including media
exposure (Internal OC w/ media exposure) demonstrates stability throughout the entire period,
varying only slightly between 0.4222 and 0.4380. This stability suggests that the metric captures
a more fundamental personality trait or communication profile, less susceptible to
macroeconomic fluctuations.

Table 5. Mean of the Guidance Index and Overconfidence over the years

Gl Gl Gl Gl IntoC — IntoC 56

Formal Eco-Fin Op Invest ExtOC W/ media - (w/o media (alter)
exposure)  exposure)

2018  0,0452 0,0203 0,0128 0,0064 0,0057  0,5215 0,4307 0,6067 0,9700
2019  0,0347 0,0158 0,0086 0,0047 0,0056  0,4569 0,4222 0,6040 0,9747
2020 0,0513  0,0202 0,0155 0,0090 0,0066  0,4161 0,4301 0,6211 0,9941
2021 0,0714  0,0276 0,0219 0,0124 0,0096  0,5748 0,4298 0,6265 1,0101
2022 0,0635  0,0260 0,0190 0,0103 0,0083  0,5420 0,4243 0,6335 1,0170
2023 0,0639  0,0262 0,0183 0,0096 0,0097  0,5204 0,4345 0,6423 1,0236
2024  0,0938  0,0340 0,0284 0,0177 0,0123  0,5272 0,4380 0,6442 1,0270
Total 0,0605  0,0243 0,0178 0,0100 0,0082  0,5084 0,4300 0,6255 1,0024

*Notes: Gl: Guidance Index; Gl Formal: Formal Guidance; Gl Eco-Fin: Economic-Financial Guidance; Gl Oper:

Operational Guidance; Gl Invest: Investment Guidance.

Source: Research data (2026).

Year Gl

Finally, the proxy without media exposure (Internal OC w/o media exposure) and the
alternative measure exhibit a continuous upward trend, increasing from 0.6067 (in 2018) to
0.6442 (in 2024). This gradual and consistent rise may be explained by literature associating
longer managerial tenure and accumulated experience with higher levels of overconfidence
(Sampaio et al.,, 2012), particularly in complex tasks characterized by delayed feedback
(Lichtenstein et al., 1980). These findings reinforce the moderating role of the media exposure
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dimension in this framework, attenuating the upward trajectory of internal overconfidence over
time.

4.2 Inferential Analyses

Table 6 reports the results for testing Hypothesis 1 (H1). The models were estimated
using HAC (Heteroskedasticity and Autocorrelation Consistent) robust standard errors, based
on the Newey-West covariance matrix, to address heteroskedasticity and autocorrelation
issues. A modelagem seguiu uma estratégia incremental. The modeling strategy followed an
incremental approach. Model 0 (Reg 0) included only the control variables, while Models 1, 2,
and 3 progressively incorporated the overconfidence variables (external and internal) and the
COVID-19 dummy variable, including their interactions (partial interaction in Model 1, only
with the variable derived from market value — MTB, and full interaction in Model 2 with all
financial variables).

The same logic was applied to Models 1.1, 2.2, and 3.1, which replace Internal
Overconfidence “with media exposure” (Internal OC w/ media exposure) with the measure
“without media exposure” (Internal OC w/o media exposure). This procedure was conducted
as a robustness and validation test of the methodological proposal to include media exposure in
the measurement of Internal Overconfidence.

The Log Likelihood criterion was used to select the best-fitting model for inferential
analysis. Accordingly, Models 3 and 3.1 exhibited the best performance (-703.758 and —
708.251, respectively), both including full interaction between COVID-19 and the financial
variables. The Wald Test was highly significant across all specifications, confirming the joint
relevance of the regressors. Therefore, the substantive analyses testing the relationship between
Guidance Disclosure and Overconfidence focus on Reg 3, considered the most complete and
robust specification.

Table 6. Regressions with and without media exposure in Internal Overconfidence

Dependent variable: Dependent variable:
Ind_Guidance Ind_Guidance
Reg 0 Reg 1 Reg 2 Reg 3 Reg 1.1 Reg 2.2 Reg 3.1
(HAC) (HAC) (HAC) (HAC) (HAC) (HAC) (HAC)
Modelo 0 Modelo 1 Modelo 2 Modelo3 | Modelo1.1 Modelo2.2 Modelo 3.1
Ext OC -0.0530 -0.0546 -0.0526 -0.0549 -0.0564 -0.0542
(0.0477) (0.0480) (0.0482) (0.0482) (0.0485) (0.0485)
Int OC (w/expo. 01914 -01931°  -0.1911"
midia)
(0.1156) (0.1159) (0.1148)
OC Int (w/o 00468 -00479  -0.0477
expo. midia)
(0.1376) (0.1380) (0.1373)
Size 0.042*** 0.0397" 0.0400"" 0.0424™ 0.0409™ 0.0413™ 0.0439™
(0.011) (0.0108) (0.0109) (0.0120) (0.0112) (0.0113) (0.0125)
MTB -0.009**  -0.0094™" -0.0067" -0.0072"™ -0.0095™" -0.0068™ -0.0073"
(0.003) (0.0036) (0.0031) (0.0032) (0.0036) (0.0032) (0.0033)
Covid 0.0211 0.1641 0.0201 0.1734
(0.0193) (0.1229) (0.0191) (0.1305)
Cap Structure 0.003 0.0028 0.0027 0.0021 0.0029 0.0027 0.0022
(0.004) (0.0042) (0.0041) (0.0046) (0.0043) (0.0042) (0.0047)
Revenue 0.007** 0.0072™ 0.0074™ 0.0082™ 0.0079™ 0.0081™ 0.0089™
(0.003) (0.0037) (0.0037) (0.0036) (0.0036) (0.0036) (0.0036)
ROA -0.009* -0.0084" -0.0083" -0.0090" -0.0087" -0.0086" -0.0091"
(0.005) (0.0046) (0.0046) (0.0052) (0.0049) (0.0049) (0.0053)
Birth -0.047 -0.0554 -0.0558 -0.0557 -0.0577 -0.0581 -0.0579
(0.044) (0.0448) (0.0450) (0.0454) (0.0447) (0.0449) (0.0453)
Growth -0.060 -0.0752" -0.0753" -0.0760" -0.076™ -0.076™ -0.077"
(0.039) (0.0410) (0.0410) (0.0410) (0.031) (0.031) (0.031)
Maturity -0.034 -0.0428 -0.0426 -0.0440 -0.0454 -0.0452 -0.0467
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(0.034) (0.0355) (0.0354) (0.0356) (0.0357) (0.0356) (0.0358)
Decline -0.135** -0.1328™ -0.1325™ -0.1353™ -0.1322™ -0.1321™ -0.1350™
(0.058) (0.0576) (0.0576) (0.0578) (0.0576) (0.0576) (0.0579)
MTB:Covid -0.0145™ -0.0112™ -0.0142™ -0.0106™
(0.0053) (0.0054) (0.0052) (0.0054)
Size:Covid -0.0075 -0.0081
(0.0089) (0.0095)
Covid:Cap Stru 0.0039 0.0036
(0.0082) (0.0082)
Covid:Revenue -0.0030 -0.0031
(0.0038) (0.0038)
Covid:ROA 0.0020 0.0016
(0.0031) (0.0030)
Constant -0.798***  -0.6444™" -0.6531™" -0.6984™" -0.7219™" -0.7307™" -0.7789™
(0.175) (0.1683) (0.1703) (0.1844) (0.1811) (0.1829) (0.1957)
Log(scale) -1.235*** -1.2413™ -1.2440™" -1.2444™ -1.2367" -1.2393™ -1.2397
(0.051) (0.0505) (0.0504) (0.0504) (0.0507) (0.0506) (0.0506)
Observations 2,058 2,058 2,058 2,058 2,058 2,058 2,058
Log Likelihood -713.467 -707.414 -704.866 -703.758 -711.914 -709.466 -708.251
Wald Test 205.662** 220.126™  222.936™"  222.638™ | 210.651""  213.241™"  213.146™
*(df=9) (df = 11) (df = 13) (df=17) (df = 11) (df = 13) (df=17)

Note: "p<0.1; "p<0.05; ""p<0.01

Source: Research data (2026).

It is important to note that the comparison between Reg 3 and Reg 3.1 highlights the
relevance of the media exposure dimension. When replacing the proxy with media exposure by
the version without exposure, the coefficient becomes statistically non-significant (-0.0477).
This difference demonstrates that media exposure is an essential component for capturing the
behavioral facet of overconfidence that effectively influences Guidance Disclosure.

Focusing on the main regression of this study (Reg 3), the coefficient of External
Overconfidence (External OC) is negative (—0.0526), although not statistically significant at the
10% level. This finding suggests that, controlling for other factors, overconfidence manifested
through corporate decisions (such as overinvestment) does not exert a direct influence on the
decision to issue Guidance. This result is consistent with Andrade & Lucena (2021), who also
reported non-significant coefficients for Overconfidence in relation to financing decisions.

Most notably, the Internal Overconfidence variable with media exposure (Internal OC
w/ media exposure) presents a negative coefficient (—0.1911) that is statistically significant (p
< 0.1). This finding indicates that higher managerial overconfidence is associated with a lower
likelihood of disclosing projections to the market. Therefore, the observed direction contradicts
Hypothesis 1 (H1), which predicted a positive relationship.

Although this result contrasts with findings in the international literature, which
associate higher levels of Overconfidence with a greater likelihood of issuing forecasts (Hribar
& Yang, 2016), it is theoretically coherent and supported by the voluntary Disclosure literature,
particularly within the Brazilian context. Evidence suggests that managers disclose information
when perceived benefits outweigh associated costs (Arantes et al., 2021; Andrade & Lucena,
2021; Costa et al., 2021; Marzouki & Amar, 2024). In emerging markets, these costs tend to be
higher due to institutional instability and weaker investor protection (Domingos et al., 2024;
Arantes et al., 2021; Dong et al., 2021).

Within this framework, excessively confident managers may adopt a defensive stance,
underestimating the need for signaling and refraining from disclosing sensitive or risky
information, whether due to concerns about potential credibility losses or competitive
disadvantages. Thus, in the Brazilian market, Overconfidence may manifest as a bias that leads
to the strategic underestimation of the need for signaling, avoiding the exposure of sensitive
information to competitors or the reputational risk associated with unmet targets. In uncertain
regulatory environments, the omission of forecasts may therefore reflect not only caution but
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also an unrealistic optimism that future results will validate managerial competence without the
need for additional communication (Schrand & Zechman, 2012; Lunardi et al., 2021).

The findings of Dal Magro et al. (2018) and Moreira et al. (2023) complement this
interpretation by documenting a negative relationship between Overconfidence and earnings
management in the Brazilian context. Although this conclusion diverges from the international
literature, it suggests that managers with lower levels of confidence may feel a stronger need to
control external perceptions and manage expectations, whether through opportunistic
accounting adjustments or strategic communication practices. Drawing a parallel and
reinforcing the robustness of the results reported in this study, while more cautious managers
may use Guidance as a tool to align with the market, overconfident managers tend to believe
that their performance will speak for itself, thereby reducing their reliance on formal
communication mechanisms such as Guidance. Therefore, in an environment characterized by
high informational asymmetry, such as Brazil (Dal Magro et al., 2018), where Guidance is not
a widespread practice, this behavioral dynamic appears to be a determining factor, revealing a
mechanism through which psychological biases may undermine corporate transparency.

Finally, with respect to the control variables, larger firms (Size: 0.0424***) and those
with higher Revenue (0.0082**) are more likely to issue Guidance. This finding is consistent
with the theory that greater transparency pressures and the broader availability of resources in
large corporations encourage voluntary Disclosure, aligning with the results of Brand&o et al.
(2013) and Silva et al. (2023). Conversely, other variables exhibit an inverse relationship with
the issuance of Guidance. A higher Market-to-Book ratio (MTB) (-0.0072**) and greater
Return on Assets (ROA) (—0.0090%*) are associated with a lower propensity to disclose. Thus,
as MTB or ROA increase, the likelihood of issuing Guidance decreases. This result suggests
that firms with strong market expectations (high MTB) or robust profitability (high ROA) may
not perceive significant pressure to legitimize themselves or communicate voluntarily, opting
instead not to disclose projections.

Regarding the Life Cycle variables, firms in the Decline stage (-0.1353**) are
significantly less likely to issue Guidance than firms in the Turbulence stage. This pattern may
reflect the tendency of managers in financially distressed firms to avoid disclosing projections
that could be pessimistic and further harm market perception, consistent with the view that
firms tend to withhold negative information (Dye, 2001; Folster et al., 2015; Silva et al., 2023).
The interaction term MTB x COVID-19 (-0.0112**) is negative and statistically significant,
indicating that during the pandemic period, the reluctance of high-MTB firms to issue Guidance
intensified. This finding reinforces the notion that, during periods of heightened uncertainty,
firms with strong growth expectations become more cautious in disclosing forward-looking
projections.

Continuing the analyses, to address H2 and H3 of this study, Regressions 4, 5, 6, and 7
(Table 7) were estimated. All models were estimated using HAC (Heteroskedasticity and
Autocorrelation Consistent) robust standard errors and were subjected to multicollinearity
diagnostics (Variance Inflation Factor — VIF), ensuring the reliability of the inferences.

Table 7 — Regressions for Each Group of Guidance
Dependent variable:

GDformal GDecofin GDopeR GDinvest
Reg 4 (HAC) Reg 5 (HAC) Reg 6 (HAC) Reg 7 (HAC)
OC Ext 0.0131 0.0031 -0.0516** -0.0195
(0.0173) (0.0267) (0.0241) (0.0154)
Int OC (w/expo. midia) -0.0986** -0.1533*** -0.0355 -0.0949**
(0.0397) (0.0583) (0.0561) (0.0402)
Size 0.0274%*** 0.0291*** 0.0119** 0.0142%**
(0.0027) (0.0052) (0.0053) (0.0030)
Covid 0.1448* 0.1209 0.0597 0.0789
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(0.0755) (0.1247) (0.0478) (0.0562)
MTB -0.0027* -0.0034* -0.0040*** -0.0020*
(0.0014) (0.0019) (0.0015) (0.0011)
Cap Structure 0.0011 0.0001 0.0017 -0.0007
(0.0021) (0.0031) (0.0016) (0.0017)
Revenue 0.0018 0.0024 0.0025 0.0066***
(0.0014) (0.0020) (0.0016) (0.0018)
ROA -0.0026 -0.1227** -0.0397 -0.0006
(0.0018) (0.0620) (0.0412) (0.0011)
Birth -0.0141 -0.0111 -0.0152 -0.0399**
(0.0185) (0.0272) (0.0190) (0.0172)
Growth -0.0170 -0.0219 -0.0432** -0.0176
(0.0163) (0.0231) (0.0203) (0.0134)
Maturity -0.0067 -0.0226 -0.0267* -0.0146
(0.0137) (0.0200) (0.0156) (0.0124)
Decline -0.0412* -0.0447 -0.0621** -0.0584***
(0.0218) (0.0361) (0.0260) (0.0200)
MTB:Covid -0.0089* -0.0059 -0.0025 -0.0062
(0.0053) (0.0086) (0.0033) (0.0040)
Size:Covid -0.0035 -0.0119*** -0.0085*** -0.0012
(0.0023) (0.0044) (0.0033) (0.0017)
Covid:Cap Stru 0.0009 0.0044 -0.0005 0.0012
(0.0033) (0.0057) (0.0029) (0.0025)
Covid:Revenue -0.0006 -0.0022 -0.0003 0.0011
(0.0014) (0.0024) (0.0016) (0.0027)
Covid:ROA 0.0003 0.1097* 0.0333 -0.0004
(0.0011) (0.0618) (0.0409) (0.0007)
Constant -0.4349*** -0.4989*** -0.2640*** -0.3224***
(0.0498) (0.0929) (0.0768) (0.0535)
Log(scale) -2.1983*** -1.8487*** -2.0763*** -2.4197%**
(0.0433) (0.0872) (0.0667) (0.0724)
Observations 2,058 2,058 2,058 2,058
Log Likelihood -160.638 -343.248 -284.445 -136.867
Wald Test (df = 17) 253.029"™ 140.382™ 85.406™" 144,391

Note:

*p<0.1; "p<0.05;

Fokk

p<0.01

Source: Research data (2026).

For the testing of Hypotheses H2 and H3, two criteria were considered: (i) the statistical
significance of the coefficients associated with overconfidence, and (ii) the relative magnitude
of these coefficients in the financial and investment projection models. The coefficient
associated with Economic-Financial Guidance is -0.1533***, the largest in absolute value and
the most statistically significant among all components. This result confirms Hypothesis H2.
The justification for this more pronounced association lies in the central nature of financial
projections. They are the most closely monitored by the market (Costa et al., 2021; Arantes et
al., 2023), directly linked to managerial performance evaluation, and subject to greater scrutiny
by analysts and stakeholder interest (Silva et al., 2023).

An excessively confident manager, who tends toward an illusion of control and
overestimation of his or her own abilities (Dal Magro et al., 2018), and who believes that the
quality of management will be self-evident in the firm’s results, may underestimate the need to
anticipate market expectations through financial projections, thereby helping to explain this
result. Moreover, the fear of failing to meet an explicit financial target—particularly because
disclosure in absolute values makes Guidance more rigid (Souza et al., 2018)—and the resulting
reputational damage (Domingos et al., 2024) may be greater, leading to an even stronger
aversion to this specific type of disclosure.

Similarly, the coefficient for Investment Guidance is -0.0949**, the second largest in
magnitude and statistically significant, confirming Hypothesis H3 of this study. The rationale
underlying this finding is directly associated with the behavioral finance literature, according
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to which investment decisions constitute one of the main channels through which
overconfidence manifests (Malmendier & Tate, 2005). Overconfident managers tend to believe
strongly in the value of their expansion and acquisition projects, such that the act of investing
itself functions as a sufficient signal to the market regarding future prospects. Thus, the more
pronounced negative relationship between overconfidence and Investment Guidance may be
explained by the illusion of control, which reinforces managers’ conviction that they dominate
the future outcomes of these investments (Chen et al., 2015; Lunardi et al., 2021).

Finally, Table 8 presents the results of the econometric models estimated to test
Hypothesis 4 (H4), which posits that overconfident projections, influenced by managerial
overconfidence, negatively affect firm’s market value. To test this hypothesis, a dummy
variable denominated Overconfidence-Driven Guidance (ODG) was constructed to identify
firms that issued Guidance under a board of directors whose level of overconfidence was above
the sector-year average.

Two specifications were estimated to ensure the robustness of the results. Dynamic
GMM Model (1) is a stricter specification that treats all financial variables as potentially
endogenous, employing a broad set of instruments (lags). In contrast, the Dynamic GMM
Model (2) is a more parsimonious specification, which assumes that SIZE (firm size) and
LEVERAGE (capital structure) are exogenous, given the relative short-term stability of these
variables. This assumption helps reduce weak-instrument bias and increase estimator

efficiency.
Table 8. GMM Models
Twoways effects Two-steps model Difference GMM
Dependent variable:
MTB
Dynamic GMM (1) Dynamic GMM (2)

lag(MTB, 1) -0.1214 -0.1248"

(0.0832) (0.0748)
ODG -0.3059** -0.2690™

(0.1218) (0.1206)
SIZE 0.2186*** 0.3744™

(0.0650) (0.0981)
LEVERAGE -0.1551** -0.0864

(0.0665) (0.1643)
ROE -0.0081 -0.0043

(0.0100) (0.0093)
OFC -0.0104 -0.0068

(0.0108) (0.0101)
REVENUE 0.2755* 0.2171"

(0.1479) (0.1265)
Observations 560 560
Sargan test chisq(24) = 25.83123 (p-value = 0.36178) chisq(16) = 14.8682 (p-value = 0.53431)
Autocorrelation test (1) normal = 0.8913245 (p-value = 0.37276) normal = 1.042873 (p-value = 0.29701)
Autocorrelation test (2) normal = -1.369514 (p-value = 0.17084) normal = -1.337189 (p-value = 0.18116)

Wald test for coefficients  chisq(7) = 53.70987 (p-value = 2.684e-09) chisq(7) = 39.69235 (p-value = 1.4415e-06)

yvald test for time chisq(5) = 19.75014 (p-value = 0.0013921)  chisq(5) = 12.58057 (p-value = 0.027643)

Note: *p<0.1; **p<0.05; ***p<0.01

Source: Research data (2026).

In this regard, the diagnostic tests present favorable results in both specifications. The
Sargan test in both models shows high p-values, indicating the validity of the instruments. The
first-order autocorrelation test (AR(1)) is not statistically significant in either model, and the
second-order autocorrelation test (AR(2)) is also not significant.

However, the subsequent analysis focuses on Model 2. In this specification, the
coefficient of the lagged dependent variable, lag(MTB, 1), becomes statistically significant (-
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0.1248*, p<0.1). This is an economically intuitive finding, as firms’ market value tends to
exhibit persistence over time. Although the coefficient of Overconfidence-Driven Guidance
(ODG) in Model 2 (-0.2690) is slightly smaller in magnitude than in Model 1 (-0.3059), it can
be interpreted as a more precise and conservative estimate of the true effect, free from potential
biases arising from an excessively large instrument set. Importantly, the central conclusion
generated by both models — a negative and statistically significant impact — remains
unchanged, reinforcing the robustness of this finding.

Therefore, this finding confirms Hypothesis H4 and indicates that firms issuing
Guidance under the influence of a board characterized by above-sector-average overconfidence
experience a reduction in their market value (MTB). This result is consistent with the theoretical
framework of the study. The underlying logic, as postulated by Malmendier and Tate (2005)
and Hribar and Yang (2016), is that capital markets develop the ability to detect excessive
optimism bias embedded in managerial projections. Accordingly, it can be inferred that
Guidance issued under overconfident management may be interpreted as “informational noise”
or even as a warning signal, prompting investors to revise their valuation downward. This
interpretation is consistent with the findings of Lunardi et al. (2021), who identified lower
market value among firms characterized by managerial overconfidence.

5 CONCLUSION

This study investigated the relationship between Guidance Disclosure and managerial
overconfidence, and how this interaction is associated with the market value of firms listed on
B3 between 2018 and 2024, based on a final sample of 2,058 firm-year observations. The
research tested four hypotheses using a quantitative approach, employing Tobit regression
models (H1, H2, and H3) and Dynamic GMM (H4), while combining internal and external
proxies to measure managerial overconfidence, operationalized through CEOs, CFOs, and
Investor Relations Officers (IROs).

Hypothesis 1 (H1), although contradicted in its expected direction, revealed a central
finding for the Brazilian context: more confident managers tend to disclose fewer projections,
particularly when the bias is measured through intrinsic traits and patterns of media exposure.
This behavior suggests that, in environments characterized by institutional instability and
heightened risk perception, self-confidence may translate into a defensive posture, in which
strategic silence replaces proactive communication.

This evidence is reinforced by the confirmation of Hypotheses 2 (H2) and 3 (H3), in
which the negative effect proved to be more pronounced in economic-financial and investment
projections. These types of Guidance, as they involve more objective metrics and quantifiable
targets, impose greater reputational risk and allow less interpretative flexibility. Thus,
overconfident managers—believing that their future performance will validate their
competence—may tend to avoid explicit commitments that could later be challenged. In this
sense, self-confidence not only shapes the content and frequency of disclosures but also
reshapes the perceived cost—benefit trade-off of voluntary transparency, transforming Guidance
Disclosure into a strategic choice rather than a merely informational act.

Hypothesis 4 (H4), in turn, confirms the unfolding of this dynamic. Firms that issue
Guidance under the influence of a board with overconfidence above the sectoral average
experience a significant reduction in market value. This suggests that the market is able to detect
signals of excessive optimism embedded in projections and interprets them as informational
noise—namely, a warning sign of potential overvaluation. The negative reaction reinforces the
idea that, although overconfidence may foster bold decisions and assertive communication,
once it exceeds a certain threshold it tends to be perceived as a lack of credibility or as distortion
in informational signaling.
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In the Brazilian context—marked by high levels of information asymmetry and an
evolving institutional environment—this behavioral bias may compromise Guidance
Disclosure even when the quantity of information released is greater. The findings suggest that
disclosure volume alone does not ensure greater transparency, since projections may embed
subjectivity associated with managers’ perceptions and beliefs.

From an academic standpoint, the primary contribution lies in the pioneering
articulation—within the Brazilian context—of the fields of Guidance Disclosure and behavioral
finance, opening a new research avenue that recognizes forward-looking information as a
product of human decisions subject to cognitive biases. Methodologically, the dual approach to
measuring overconfidence and the multidimensional checklist applied to Guidance, combined
with the use of Tobit regressions, provides a more robust and replicable framework for future
research. For investors and market analysts, the implications are practical: the findings offer a
“map” for identifying potential warning signs in corporate communications, enabling finer
adjustments in pricing models and mitigating the risk of overreaction (Agapova & Madura,
2016). For managers, boards of directors, and the financial market as a whole, this study raises
crucial questions regarding what firms choose to disclose—especially under high levels of
uncertainty (i.e., projections). It suggests that there are risks associated with the pressure to
issue Guidance and that, when combined with top management overconfidence, such pressure
may trigger a cycle of overpromising and underperformance. This dynamic can ultimately erode
investors’ positive expectations about the firm, leading to declines in market value.

Although this study advances the understanding of the relationship between
overconfidence and voluntary Disclosure, some limitations must be acknowledged. First, the
Brazilian institutional context constrains the direct generalization of the findings to other
markets, making replication in different settings a relevant path for testing external validity.
Second, the guantitative and secondary nature of the data renders the behavioral phenomenon
indirectly captured; despite the use of robust models (Tobit and GMM), the possibility of
residual endogeneity cannot be entirely ruled out.

Future research could enrich this line of inquiry by incorporating textual analysis
methods through Natural Language Processing (NLP) in projection-related communications,
aiming to capture the discursive manifestation of behavioral traits. Finally, investigating the
dynamic relationship between managerial overconfidence and organizational learning in
response to market feedback represents a natural extension of this study.
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